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Abstract 

Destination familiarity is an important non-economic determinant of tourists’ 

destination choice that has not been adequately studied. This study posits a literary 

dimension to the concept of destination familiarity—that is, the extent to which tourists 

have gained familiarity with a given destination through literature—and seeks to 

investigate the impact of this form of familiarity on inbound tourism to China. 

Employing the English fiction dataset of the Google Books corpus, the New York Times 

annotated corpus, and the Time magazine corpus, we construct two types of destination 

familiarity based on literary texts: affection-based destination familiarity and 

knowledge-based destination familiarity. The results from dynamic panel estimation 

(1994–2004) demonstrate that the higher the degree of affection-based destination 

familiarity with a province in the previous year, the larger the number of inbound 

tourists the following year. Examining the influence of literature and its consumption 

on tourism activities sheds light on the dynamics of sustainable tourism development in 

emerging markets. 
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1 Introduction 

Over the past two decades, globalization has made tourism a popular global leisure 

activity, and international tourism has become one of the largest and fastest growing 

industries in the world. Rather than considering political, socioeconomic, and institutional 

factors, recent research is increasingly examining the cultural factors that predict tourism 

development. Hofstede (1980) coined the phrase “cultural distance” as a measurement of how 

cultural dimensions in one society differ from those of another. This concept has been widely 

adopted to explain tourists’ destination choice in tourism research (Crotts & Pizam, 2003; 

Crotts, 2004; Kastenholz, 2010; Liu et al., 2018; Liu, Fan, & Qiu, 2019; Ng, Lee, & Soutar, 

2007; Reisinger & Crotts, 2010; Yang & Wong, 2012; Yang, Liu, & Li, 2019; Yang et al., 

2018). The established wisdom is that cultural proximity between host countries/regions and 

home countries/regions lowers barriers for tourists, who are therefore more likely to choose 

culturally similar countries as destinations.  

Though Hofstede’s cultural dimensions have been used among tourism studies, this 

framework has been criticized for the over simplification of culture and its disregard for 

within-country variations in culture (Kirkman, Lowe, & Gibson, 2006; Sivakumar & Nakata, 

2001), especially in a large country such as China, where culture is complicated by regional 

differences. Moreover, while existing research focus mostly on the genuine cultural 

differences between the two countries/societies , scholars largely understate the fact that 

affection may motivate individuals to embark on the visit even when their understandings or 

interpretation of the culture of that specific place is not entirely right, in particular, prior to 

tourists’ first visit. It is the fusion of knowledge and affection that forms the unique literary 
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experience of individuals and further influences their understanding of the destination culture 

(Toyama & Yamada, 2012; Liu et al., 2018), forming a kind of desire for them to connect 

with literary figures (Squire, 1996) and involves in the adventure. This type of travel pertains 

to the literary tourism, a type of cultural tourism to literary places associated with writers in 

their real lives and associated with the settings in the novels (Herbert, 1995; Stiebel, 2004). 

Note that the existing studies relevant to the utility of literary tourism focus largely on 

Western countries and often hold divided opinions regarding its utility (Coan & Stiebel, 

2006; Ghetau & Esanu, 2011)—more specifically, whether literary tourism could help to 

promote international tourism to China or at least some places therein (except Ryan et al., 

2009; Yu & Xu, 2016, 2018). Besides, these works are largely qualitative case studies that 

directly examine the relationship between specific literary works/writers and tourism to 

specific places based on a specific book and a specific place.  

The concept of destination familiarity provides a way to investigate whether and to what 

extent literary tourism impacts inbound tourism to China. This term explains the key factor 

that could segment and target certain groups and develop marketing strategy, enabling us to 

understand how people develop impressions of potential destinations and, in turn, make 

destination choices (Chen & Lin, 2012). Direct, personal experience is not the only way of 

gaining familiarity with a locale (Srull, 1983); indeed, many more people are likely to gain 

some level of destination familiarity by reading books, news, or magazines, yet, this 

phenomenon and its impact on actual tourism remains understudied. In this research, we posit 

a literary dimension of destination familiarity—that is, experience or information about a 

tourist destination mediated through literature—and seek to investigate whether and how this 
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form of destination familiarity influences international tourism inflow to specific provinces, 

states, or municipalities. We chose China as our empirical case because its cultural and 

socioeconomic development strikingly varies across provinces, and it is both the largest 

emerging economy and the world’s leading destination for inbound tourism, widely estimated 

to become the biggest inbound market for international tourists by 2030 (The Guardian, 6 

November 2018).  

While literary tourism is often taken as a form of niche tourism based on sites and events 

in the novels, some scholars argued that, all tourism is a cultural experience (MacCannell, 

1993; Urry, 1990), this being said, not only the culture implied from the novels, the 

contemporary information of the destination place, such as, daily news, travel writing, and 

travel guide should also be taken into account. As such, we identify two different types of 

literary destination familiarity—affection-based literary familiarity, which results from 

reading novels and other forms of fiction about a destination; and knowledge-based literary 

familiarity, which results from reading non-fiction sources of information or knowledge 

about a destination, such as magazines and travel guides.   

To measure affection-based literary destination familiarity quantitatively, we extracted 

the appearance frequency of Chinese province names from the English-fiction dataset of the 

Google Books corpus, a text corpora containing a large volume of digitalized English fiction 

books; likewise, we extracted the same information from the New York Times annotated 

corpus and the Time magazine corpus to measure knowledge-based literary destination 

familiarity. In this analysis, we focus exclusively on English-language corpus, as English is 

the most widely used lingua franca, which plays a critical role in international communication 
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and global policies (Crystal, 2003). Though people might expect that the major source of in-

bound tourism to China is from other Asian countries/regions not using English (e.g., Hong 

Kong, Macau) (Hall & Page, 2000), in fact, English has seen an unparalleled explosion of 

international activity and achieved a worldwide reach beyond that of any other language 

(Crystal 2003). According to the tourism statistics from Ministry of Culture and Tourism of 

the People’s Republic of China, the top 10 source countries of in-bound tourism to China in 

the early 2000s were South Korea, Japan, Russia, USA, Malaysia, Singapore, Philippines, 

Mongolia, Thailand, Australia, with slight changes of rank order each year. Among these 

countries, half of them are English-speaking countries, for the others, English is the official 

language. As such, our use of the English-language corpus is appropriate. It should also be 

noted that such corpus restriction has been widely adopted in many recent studies (e.g., Chen, 

Yan, & Zhang, 2017), providing additional support for this focus. 

To further investigate how literary destination familiarity might impact inbound tourism 

flows for 31 Chinese provinces, we employed dynamic panel data models (Arellano & Bond, 

1991; Holtz-Eakin, Newey, & Rosen, 1990). Specifically, we matched the destination 

familiarity index with provincial socioeconomic characteristics to create a provincial panel, 

which covers 31 provinces over eleven-year period (1994-2004). This allows us to establish 

the causal linkage to examine the effect of literary destination familiarity on inbound tourism. 

Our study demonstrates that literary destination familiarity as measured by word-search 

dynamics in Google Books English fiction corpus significantly affects the inflows of 

international tourists to China—namely, the higher the degree of literary destination 
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familiarity with a province in the previous year, the larger the number of inbound tourists the 

following year.  

 

2 Cultural (Dis)Similarity and Literary Destination Familiarity 

According to Hofstede (1980: 21), culture is “the collective programming of the mind 

which distinguishes the members of one human group from another.” The uniqueness and 

importance of cultural capital lie in how it enables or constrains economic factors. Successful 

tourism business is not only about increasing the number of tourists; more importantly, the 

host country’s value system and cultural affinity become important elements to attract tourists 

to engage in local activities. For example, studies have shown that a society’s value system 

plays an important role in predicting international tourism (Ahn & McKercher, 2015; 

Reisinger, 2012). When tourists choose between locations where other factors are roughly 

similar, the cultural meanings of the destination can have a particularly significant influence. 

When examining the practice of inbound tourism flows, past studies have generally 

focused on Hofstede’s (1980, 1983) cultural dimensions as a way to analyze how host 

country culture can influence tourism business. One theme of study on cultural distance 

emphasizes the effect of cultural proximity or culture fit, arguing that cultural similarities are 

attracting factor for tourists to a particular destination, as, tourists prefer to travel to countries 

having cultural values and practices closer to or aligned with those of their own country than 

those that are perceived as distant (Fourie & Santana-Gallego, 2013; Li, 2014; Ng, Lee, & 

Soutar, 2007; Rosenbaum & Spears, 2015; Qiang, Shen, & Xie, 2019). Another strand of 

cultural distance study tends to focus on the opposite direction, arguing that cultural 
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dissimilarity rather than cultural similarity influences travel intentions, because at the micro 

individual level, individuals may seek novel experiences when deciding travel destinations 

(Crompton, 1979; Larsen & Guiver, 2013; McKercher & Cros, 2003; Mervyn, 2001; O’Leary 

& Deegan, 2003; Wu, Zhang, & Fujiwara, 2012), and at macro (societal) level, it is economic 

globalization and technology advancement that offset the importance of cultural similarity 

(Yang, Liu, & Li, 2020). Therefore, de facto cultural (dis)similarity may be important in 

influencing tourists’ destination choices, but sometimes, what matters more are individuals’ 

perceptions about a potential destination. These perceptions can be formed through actual 

experiences, but given the time and expense required to travel, perceptions are even more 

likely to form through reading about specific places in various forms of writing. And from 

these perceptions, people can gain knowledge about, and develop affection for, destinations 

they have yet to experience in person.  

 

1.1. Limitation of cultural distance 

However, the measurement of cultural distance itself is controversial. As Shenkar (2001: 

525) challenged, the comparison of cultural distance makes an “invalid assumption of 

equivalence,” wherein cultural characteristics are treated equally, thereby ignoring other 

cultural specificity effects. Meanwhile, how to measure and compare cultures of different 

historical periods of different regions is a problem yet to be solved (Kandogan, 2012; Yang & 

Wong, 2012). According to Samovar and Porter (1994), culture not only refers to the 

cumulative deposit of knowledge and experience, but also involve the values and attitudes 

acquired by a group of people over the course of generations of transfer, which can be 
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cultivated and further exert influence over behavior. However, readers’ epistemic values may 

not necessarily be congruent with the social values of potential destinations. With regard to 

the literary tourism literature, it is “expected that we are dealing with travelers rather than 

tourists, with the romantic rather than the collective gaze” (Herbert, 1995: 34). And such 

cultural attributes should also be understood from a subjective perspective, not in terms of the 

objective differences between home and destination countries.  

Therefore, when it comes to destination choices, cultural distance is not adequate to 

explain tourists’ travel motives; instead, it is how individuals perceive the host regions that 

matters (Bowden, 2006; Liu et al., 2018).  

 

1.2. The literary dimension of destination familiarity 

To reduce travel risks, tourists tend to absorb information from various cultural vehicles 

(e.g., books, novels, movies, and news) before making travel decisions, particularly when 

choosing a destination with a highly alien culture (Heath & Tversky, 1991). We propose a 

literary dimension of destination familiarity and hypothesize a close coupling between 

literary exposure to a destination and the observed inbound tourism flows to that locale in the 

context of transnational tourism. Literary destination familiarity refers to having prior 

knowledge or having received information regarding a given destination via various literary 

texts. This dimension of familiarity has been largely overlooked in tourism studies (Prentice, 

2004), yet there are reasons to suspect that when choosing an international tourist destination, 

people will be more likely to select regions/cities they have at least read about in some form, 

thus gaining affection and/or knowledge about the place, as opposed to those destinations 
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about which they know or care little. The reasons for this are two-fold: (1) transnational 

tourism involves risks; and (2) some initial cultural images and prior knowledge of a 

destination can stimulate interest for a prospective visit (Crompton, 1992; Tasci & Gartner, 

2007). 

Though language familiarity (Cohen & Cooper, 1986) and food familiarity (Seo et al., 

2013) might also promote behavioral preferences, higher literary experiences to a potential 

destination would create even higher tolerance towards the potential destination. This is 

because literary experiences could motivate readers’ participation, influence their prior 

perceptions and emotional recognition of a destination, and generally make them more open 

to visiting that destination (e.g., Lowe, 2912; Watson, 2006; Westover, 2012). 

Given the multidimensional nature of familiarity, scholars have tried to establish various 

typologies. For example, Baloglu (2001) classified three types of familiarity: informational, 

experiential, and self-rated. Specifically, informational familiarity refers to the extent of 

received information; experiential familiarity means the number of previous destination 

experiences; and self-rated familiarity reflects one’s observed and self-judged level of 

familiarity with a particular place. Prentice (2004) further added another two types—

educational and proximate familiarity—to measure the extent of one’s educational 

involvement with a destination and one’s exposure to the popular media. However, the 

literary dimension of familiarity has been overlooked to a large extent. Furthermore, while 

previous analyses have focused primarily at the micro individual level, our analysis is 

conducted at the macro provincial level, as we contend that literature resonates at a cultural 

and societal level.  
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For this study, we decompose literary destination familiarity into two components—

knowledge-based familiarity and affection-based familiarity. The former emphasizes the 

destination familiarity and knowledge resulting from contemporary non-fiction forms of 

writing in news and magazines, whereas the latter emphasizes the degree of destination 

familiarity that arises when fictional forms of literature produce affection for certain 

destinations.  

 

1.3. Literary destination familiarity vs. cultural distances and cultural familiarity 

In the existing scholarship, the concepts of cultural distance and cultural familiarity bear 

some similarity to the literary destination familiarity we propose here. Cultural 

distance/cultural proximity is the cultural “relativity” between two societal-level cultural 

subjects, an objective and relatively stable construct reflecting the historical accumulation of 

culture and cultural diversity. In contrast, literary destination familiarity is more subjective, 

referring to knowledge about and affection for a destination, derived through literature. In this 

regard, cultural distance and destination familiarity thus have different structures. Cultural 

distance is a symmetric construct but literary destination familiarity is not. Consider, for 

example, two countries, A and B, wherein the cultural distance from A to B, and the cultural 

distance from B to A are exactly the same. In terms of cultural familiarity, though it is also a 

subjective construct with a similarly asymmetric structure as destination familiarity, cultural 

familiarity refers to a much broader understanding of a location’s culture, not limited to only 

its literary manifestations. Neither cultural distance nor cultural familiarity specifies a literary 

conduit, as culture itself does not change though it might be described in various ways within 
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literature. As such, examining the literary dimension of destination familiarity can add to our 

understanding of literary tourism and shed new light on the dynamics of transnational 

tourism. 

 

3 Data, Variables, and Models 

2.1. Data 

Media, as a primary cultural instrument, carries symbolic messages of cultural 

knowledge, and gives shape and structure to a society, influencing people’s sense of reality 

(Gergen, 1999). This is particularly the case since the early twentieth century, when mass 

media transformed the way people interact and communicate with each other. As Prentice 

(2004: 926) argued, one can gain educational familiarity through “informal mediated 

learning” (e.g., reading novels or poems). Along this line of thinking, we construct a measure 

of literary destination familiarity that uses three types of media: books, news, and magazines. 

For the book measure, we extract the appearance of Chinese provinces from the Google 

Books English fiction corpus; for the news and magazines, we extract relevant information 

from the New York Times corpus and the Time magazine corpus, and take them as a proxy of 

destination familiarity produced through news and magazines, respectively.  

At a regional level, the frequency of appearance in books of a particular place can 

represent the perceived visibility and attractiveness of that given place to the world audience 

(Bentley et al., 2014; Chen & Yan, 2016, 2018; Chen, Yan, & Zhang, 2017; Michel et al., 

2011). In particular, works of fiction constitutes an important part of social world, but with 

more imaginary elements based on general sociocultural realities (Marsh, Meade, & 
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Roediger, 2003). These works help shape the image of regions, communities, and individuals 

(Bal & Veltkamp, 2013; Kidd & Castano, 2013; Mar et al., 2011). In order to examine 

whether and how literary destination familiarity impacts the inflow of foreign tourism in 

China, we extract the appearance of Chinese provinces in Google English fiction books, the 

New York Times, and Time magazine using the same methods as Chen and Yan (2018). We 

argue that individuals have produced and consumed fiction not only for entertainment, but 

also to spread knowledge and develop values and beliefs that could, collectively, affect 

people’s travel destination choices.    

Our focus on the time period 1994–2004 captures two key cultural phenomena: China’s 

1990 commitment to openness, when the Chinese government announced plans to develop 

the Pudong area in Shanghai into a dynamic new area; and the development of international 

tourism in China entered a stage of maturity stage after 1992 (Macpherson, 1994).The rapid 

development during this same period of new media that has challenged the sociocultural 

significance of books. This time period also delimits two practical concerns: some key 

variables are missing in provinces (especially the inland areas) before 1994; and some books 

published after 2004 remain undigitized (Chalmers and Edwards, 2017), thus limiting the 

comprehensiveness of literary dimension of destination familiarity extracted from fiction 

books after this date. A panel of 31 provinces spanning 11 years renders sufficient waves for 

dynamic panel estimation to achieve efficient estimation. 

 

2.2. Variables 

Dependent Variable 
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The dependent variable in this analysis is the annual number of foreign tourists in each 

province from 1993 to 2005, obtained from the Yearbook of China Tourism Statistics, 

published jointly by China National Tourism Administration and the National Bureau of 

Statistics. Though differentiating the source of inbound tourism is important to identify 

tourism from which countries are most likely to be influenced by fiction books, the data of 

this sort are confidential. We thus only report the overall international tourism rather than 

country-specific one. For ease of the estimation, we took the natural logarithm of the number 

of foreign tourists to make its distribution approximately normal. Moreover, we also used the 

annual foreign exchange revenue from tourism of the province from 1993 to 2005 as an 

alternative measure of tourism development, which was obtained from the China Statistical 

Yearbook, published by the National Bureau of Statistics. For this measure, we convert the 

data into relevant values with 1994 as the base year, and then took the natural logarithm of 

original variables to adjust for potential heteroscedasticity. 

 

Literary Destination Familiarity  

As Hofstede et al. (2010: 26) stated, “our societies have a remarkable capacity for 

conserving their distinctive culture through generations of successive members and despite 

varied and numerous forces of change.” In this sense, culture refers to an integrated pattern 

involving both the historical accumulation of human knowledge, beliefs, and behaviors, as 

well as contemporary information, cognition, and perception. For international tourists with 

no direct access and no exposure to Chinese culture, how they gain knowledge about and 

form emotional attachment towards a place with a highly alien culture depends on two types 
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of elements: enduring and dynamic. Enduring elements refer to customary values, norms, and 

beliefs, whereas dynamic elements involves subtle, frequent, and tangible change.  

Following the relevant studies in literary tourism, affection can result from reading 

novels or other forms of fiction. Because fiction, as a genre, represents a process of 

reconstruction of self-discovery and cultural recovery, it often carries the cultural symbol of 

the destination (Bal & Veltkamp, 2013; Earl, 2008; Hooppen, Brown, & Fyall, 2014; Kidd & 

Castano, 2013; Mansfield, 2015; Squire, 1994), retaining the long-lasting cultural 

authenticity. Contemporary knowledge, in contrast, can be gained from reading news or 

magazines, which deliver instantaneous information about a destination country, region, or 

society using contemporary language. 

Normally, destination familiarity at the societal level is almost impossible to measure 

using traditional survey methods. We took advantage of the English fiction books dataset of 

the Google Books corpus to construct affection-based destination familiarity, and used the 

New York Times corpus and the Time magazine corpus to construct knowledge-based 

destination familiarity.  

i. Affection-based Destination Familiarity 

For the former, we constructed the index of affection-based destination familiarity 

(ADF) with China’s thirty-one provinces from the English fiction sub-corpora in the Google 

Books Ngram corpus. With more imaginary elements, fictional stories can strongly reflect 

and cultivate people’s mental and moral development, and take part in shaping the cultural 

identity of regions, communities and individuals (Bal and Veltkamp 2013; Kidd and Castano 

2013; Mar, Oatley, Djikic and Mullin 2011). Rather than providing knowledge, fictional 
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narratives would increase one’s empathy and compassion, which is more affection-based. In 

this vein, we take advantage of English fiction book corpus to construct affection-based 

similarity. 

By searching the text corpora for any province name, we can learn how often that 

province is mentioned in a given period. Similar analytical strategy has widely been adopted 

in recent studies (e.g., Bentley et al., 2014; Chen & Yan, 2016, 2018; Chen, Yan & Zhang, 

2017).  

We assumed that in any given year, the more frequently a province’s name appears in 

fiction books, the more prominent its visibility and level of destination familiarity. We were 

careful to use multiple spellings of province names to capture every reference. Since 1949, 

the English-speaking world has relied on the Chinese Hanyu Pinyin system to spell out the 

names of locations. For example, before the World War II, “Beijing” was called “Peking”. To 

calculate the word frequency of Beijing, we counted both. Moreover, terms are capitalized 

differently, so our search was inclusive of those differences. To obtain the most accurate data, 

we synthesized all search results. The detailed search terms are presented in the Appendix. 

As a standard practice (e.g., Acerbi et al., 2013; Bentley et al., 2014; Chen & Yan, 2016, 

2018; Chen, Yan & Zhang, 2017), we normalized the total appearance of a key word using 

the frequency of “the” in the same year to correct for the potential bias coming from the 

influx of data. The normalized annual frequency of the word usage of Chinese provinces 

fiction-based destination familiarity (FDF) can be computed by 

𝐹𝐷𝐹𝑖_𝑡 =
𝐶𝑖_𝑡

𝐶𝑡ℎ𝑒_𝑡
                              (1) 
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where 𝐶𝑖_𝑡 represents the frequency of province name appeared in English fictions. 𝐶𝑡ℎ𝑒_𝑡 is 

the number of appearances of “the”.  

ii. Knowledge-based Destination Familiarity 

To measure the knowledge-based destination familiarity, we constructed the NYT-based 

destination familiarity index (NDF) and the TIMES-based destination familiarity index 

(TDF) using the New York Times corpus, a daily newspaper founded in 1851 with worldwide 

influence and readership, and Time magazine, a weekly magazine published in New York 

City, which has the world’s largest circulation. From the New York Times, we searched the 

annual number of articles containing the names of Chinese provinces and divided it by the 

total number of articles produced per year. The data can be accessed from “Chronicle” 

developed by the New York Times (The webpage can be accessed at: 

http://chronicle.nytlabs.com/). From Time magazine, we conducted the similar searching and 

found 100 million words of text in 275,000 articles from 1923–2006 (It can be accessed at 

http://corpus.byu.edu/time/). Based on this, we created an index with the total mentions of 

each province for each year. 

 

Control Variables  

To reveal the effect of literary destination familiarity, the variables of economic 

development level, regions’ infrastructure, human capital accumulation, international 

tourism, labor costs, and institutional environment were properly controlled in the estimation 

of inbound tourism. Economic development levels (GDP), captured by the provincial GDP, 

are shown to be correlated with tourism development (Kim, Chen, & Jang, 2006). Again, we 

adopted the similar operationalization as tourism development by converting the data into 

http://chronicle.nytlabs.com/
http://corpus.byu.edu/time/
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relevant values using 1994 as the base year and taking the natural logarithm of them. 

Infrastructure (INF), calculated by provincial road and highway density, represents the 

accessibility of transportation in China that allows travellers and tourism companies to design 

travel packages. Human Capital Accumulation (HC), measured by the number of college 

students per 100,000 population, can approximate the potential human capital and potential in 

each province and is assumed to positively correlate with inbound tourism. Foreign Direct 

Investment (FDI) inflows, measured by “actually utilized” provincial per capita FDI in a 

given province, is also controlled as trade openness. Finally, institutional attributes, proxied 

by the number of non-governmental organizations (NGOs) per 100,000 residents in a given 

province, is also controlled because it represents the strength of the civil society and the 

robustness of institutional building. We took the natural logarithm for all the values of 

original variables. The descriptive statistics of the aforesaid variables are summarized in 

Table 1. 

[Table 1 about Here] 

 

2.3. Dynamic Panel Models 

The analysis is conducted based on provincial panel data comprising 31 provinces over 

the period 1994-2004, which is conducive to take explicit account of province-specific 

heterogeneity (Hsiao, 1989). Given that tourism mobility is largely path-dependent, we 

employ dynamic panel model by including the lagged-value of number of foreign tourists in 

the model. The model is written as:  

about:blank
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𝑇𝑜𝑢𝑟_𝑁𝑖𝑡 = 𝛾 ∗ 𝑇𝑜𝑢𝑟𝐶 𝑖(𝑡−1) + 𝛼 ∗ 𝐹𝐷𝐹𝑖(𝑡−1) + 𝛾1 ∗ 𝑁𝐷𝐹𝑖𝑡−1
+ 𝛾2 ∗ 𝑇𝐷𝐹𝑖𝑡−1

+ 𝛽1 ∗ 𝐺𝐷𝑃𝑖(𝑡−1) +

𝛽2 ∗ 𝐼𝑁𝐹𝑖(𝑡−1) + 𝛽3 ∗ 𝑁𝐺𝑂𝑖(𝑡−1) + 𝛽4 ∗ 𝐹𝐷𝐼𝑖(𝑡−1) + 𝑇𝑖 + 𝑐𝑖 + 𝜇𝑖𝑡          (2) 

In Equation (2), 𝑇𝑜𝑢𝑟_𝑁𝑖𝑡is the dependent variable, representing the number of foreign 

tourists in a particular province in year t, while 𝑇𝑜𝑢𝑟𝐶 𝑖(𝑡−1) is its one-year lag of number of 

foreign tourists in the same province in the previous year. 𝐹𝐷𝐹𝑖_(𝑡−1), 𝑁𝐷𝐹𝑖_(𝑡−1), 𝑇𝐷𝐹𝑖_(𝑡−1) 

are the core explanatory variables, 𝐹𝐷𝐹𝑖_(𝑡−1) is the index of affection-based destination 

familiarity with 31 provinces extracted from Google English Fiction Corpus. 

𝑁𝐷𝐹𝑖_(𝑡−1) and 𝑇𝐷𝐹𝑖_(𝑡−1) are the indices of knowledge-based destination familiarity 

constructed using New York Times corpus and Time magazine corpus respectively. In 

addition, 𝑐𝑖 is the time-fixed regional effect, and 𝜇𝑖𝑡 is the idiosyncratic shock, which is 

assumed to be serially uncorrelated over time. 𝑇𝑖 (the time/year dummies) is also controlled; 

in doing so, we assumed no correlation of the idiosyncratic disturbances across provinces 

(Roodman, 2009).  

The big challenge of dynamic panel model is the possible correlation between the lagged 

dependent variable 𝑇𝑜𝑢𝑟_𝑁𝑖𝑡  and the time invariant error terms 𝑐𝑖, to deal with this issue, we 

adopt GMM estimation, specifically, the difference GMM (DGMM) and the system-GMM 

(SGMM) estimators, which were developed by Arellano and Bond (1991) and Holtz-Eakin, 

Newey and Rosen (1990). DGMM fits the first-difference specifications of the model to 

subtract out 𝑐𝑖  . and take appropriate lagged dependent and independent variables as 

“internal” instrumental variables to solve the potential correlation between lagged error terms 

𝜇𝑖𝑡 and 𝑇𝑜𝑢𝑟_𝑁𝑖𝑡 in the estimation. However, as Arellano and Bover (1995), and Griliches 

and Hausman (1986), DGMM estimators might suffer from a weak instruments problem 
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when the autoregressive parameter approaches unity (Arellano & Bover, 1995), or when the 

variance of the unobserved unit-specific effects is large (Griliches & Hausman, 1986), 

SGMM was further adopted. SGMM not only uses first differences of dependent variable to 

construct the orthogonality condition of the error term, it also introduce suitable lags of the 

lagged independent variables in levels, which can be taken as potential instruments. 

Compared with DGMM, SGMM augments DGMM by estimating simultaneously in 

differences and levels, when overidentification test has passed, the aforementioned bias can 

be largely attenuated in SGMM (Arellano & Bover, 1995; Blundell & Bond, 1998). The 

additional condition of SGMM do not come without a cost, as such operationalization may 

lead to proliferation of instruments, bringing about overfitting of endogenous variables due to 

a finite sample bias (Hansen, 1982). To choose a more suitable estimation, we also conducted 

a series of standard tests for GMM estimations: (1) the unit-root test to test stationary time 

series; (2) an AR (2) test to check the serial correlation of  𝜇𝑖𝑡; and (3) the Hansen/Sargan 

over-identification test to examine the instruments validity.1 

 

4 Results  

3.1. Effects of Literary Destination Familiarity 

We present the GMM estimation in Table 2, where Models 1 to 5 are the results of 

DGMM, and Model 6 is the result of SGMM. We first employed the DGMM method by 

using the lagged number of foreign tourists as the instruments for the first-differenced 

number of foreign tourists. First, we fit pooled OLS regression and FE models and found that 

 
1 Results available upon request. 
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the coefficients of lagged foreign tourist number are 1.004 and 0.456, respectively. As our 

estimates from DGMM and SGMM lie between these two values, this implies that both 

DGMM and SGMM estimates are adaptable. From table 2, we can see that the coefficient of 

the lagged number of tourists (𝑇𝑜𝑢𝑟_𝑁(𝑡−1) ) is 0.487, falling exactly between 1.004 and 0.456 

as expected. Moreover, the DGMM model yielded a statistically significant coefficient of 

0.022 (p < 0.01) for the estimated effect of FDF on number of foreign tourists, and a 

statistically significant but small effect of TDF (𝛾1=-0.003, p < 001), and an insignificant 

effect of NDF on foreign tourists. That being said, affection-based destination familiarity is 

important in predicting the in-bound tourism in the subsequent year, however, the effect of 

knowledge-based destination familiarity is trivial. This is likely because, compared with 

fiction, news reports current events in a more objective manner and on a wider scale. For 

periodicals, such as Time magazine, when involving Chinese cities, it often addresses 

political, ethical and social questions or involves debates on a range of issues, which may do 

little to promote in-bound tourism and/or could even reduce it. As we further controlled for 

GDP per capita, FDI, infrastructure, and institutional environment, we see that NGO 

development has shown no significant effect on the number of foreign tourists. But provincial 

GDP per capita and FDI in the previous year are positively associated with tourism 

development in that province the current year; by contrast, the infrastructure in the previous 

year is negatively associate with tourism development in the current year. This result is 

unexpected, our hunch is rather than road/highway density, which is important for domestic 

tourism, the development of other industry, for example, airline industry may be associated 

with international tourism more. Moreover, the positive effect of FDF is consistently shown 
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(p < 0.001), holding constant of all socioeconomic characteristics of provinces in the previous 

year.  

Considering the fact that the lagged levels may be weak instruments of first-differenced 

variables, we proceeded to the SGMM estimator to utilize lagged first-differences as 

instruments in levels equation. To compare between DGMM and SGMM, we further 

conducted a series of standard tests for GMM estimation. Both DGMM and SGMM have 

passed an AR(2) test, meaning that serial correlation poses a less serious threat to our 

estimations. The results from the Hansen test shows that the p-value of DGMM estimates is 

larger than 0.1, meaning that the internal instruments are valid. However, in SGMM, the very 

value is 1, this implies that there involved be too many invalid instruments, which may result 

in model validity issues. The DGMM estimates are thus preferred, but the result of SGMM is 

still presented as a comparison. In addition, we also use foreign exchange earnings from 

tourism as the alternative measure of tourism development, the results remain consistent (see 

table 3).  

Note that fiction books, compared with news and magazines, often reflect the long-term 

accumulation of knowledge, experiences, and attitudes. Their slow circulation makes them 

less likely to have an immediate effect on tourism. However, our results show that after 

controlling for the destination familiarity constructed from contemporary media (i.e., news 

and magazines), destination familiarity constructed from fiction—even with low circulation 

and low exposure based on our operationalization compared with contemporary media—still 

exerts a significantly positive impact on in-bound tourism, offering strong evidence to 

support our theory. 
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[Table 2 & 3 about Here] 

 

5 Discussion and Conclusion 

In the past, cultural distance was a primary factor affecting cross-border trade behaviors 

(Hofstede, 1980). However, the effects of cultural distance often yield inconsistent results not 

only due to misconceptions and operational difficulties, but more importantly, cultural 

distance largely ignores the cognitive dimension of culture, which may influence tourists’ 

choice of potential locations. The literary dimension of destination familiarity, a concept 

correlated with, but essentially different from, cultural distance, is thus proposed as a 

predictor of development of inbound tourism.   

Considering the multidimensionality of destination, we decompose literary destination 

familiarity into two types, namely, knowledge-based destination familiarity and affection-

based destination familiarity. To construct indices of these two types of destination 

familiarity, we extract the appearance frequency of Chinese province names from 1994 

through 2004 using the English fiction dataset in the Google Books corpus, the New York 

Times annotated corpus and the Time magazine corpus. We discovered that affection-based 

destination familiarity plays an essential role in attracting foreign tourists. The higher the 

level of affection-based destination familiarity, the larger the inflow of foreign tourists, and 

the higher the foreign exchange earnings from tourism. 

Still, our findings have some limitations that deserve further examination. First, our 

construction of destination familiarity is primarily based on the premise that the appearance 

of the names of Chinese provinces in three corpora (i.e., Google English fiction corpus, New 
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York Times corpus and Time magazine corpus) makes them real and familiar to readers and 

that the effect of destination familiarity is the same across all home countries. In this regard, 

we equalized the province exposure to different home countries/regions across the world to a 

large degree. Second, when it comes to destination familiarity with the potential destination, 

two measures are of central importance: book-specific measure and sentiment measure. The 

former, through linking the keywords to specific books, can identify the nationalities of the 

authors and publishers that are crucial to reveal the relevance of these cultural products. The 

latter can reflect how the keywords are described in the books and how likely the keywords 

are to resonate significantly. However, owing to the copyright problem, the Google Books 

corpus only provides the aggregate searching information each year rather than specific 

searching information from each book each year; thus, we cannot link the word searching to 

specific books and extract the relevant sentiment from the content. It remains to be studied 

why and how fiction-based destination familiarity would affect in-bound tourism—is it 

because of the narrative style, the positive sentiment associated with the locale, or some other 

factor? And do these effects relate only to fiction books, or could they also be found for the 

movies based on fictions? These are important questions that should be investigated in future 

research. Until then, this study provides a first step to build the linkage between literary 

destination familiarity and in-bound tourism. To enrich the theory relevant to literary tourism, 

more careful research is needed. Third, we ignored the varying effect of destination 

familiarity at the different stages of tourism development. In particular, the effect of culture is 

likely to dominate in the early stage of tourism development, when foreign tourists have little 

prior experiences and knowledge about China. As tourists gain more actual experience in an 
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area over time, the effect of destination familiarity is likely to decline. Third, due to the 

limitation of our data, we were not able to differentiate the specific characteristic differences 

of first-time tourists vs. experienced tourists. Previous studies show that experienced tourists 

who repeatedly visited a given destination had a relatively higher loyalty to that place than 

first-timers (Lee & Tussyadiah, 2012; Sun, Chi, & Xu, 2013). As such, how destination 

familiarity influences destination choices among different groups still needs further research.  

Despite these drawbacks, our research is an innovative attempt to reveal how cultural 

mechanisms might influence tourism activities in a given destination. Theoretically, the 

proposition of literary destination familiarity complements and further enriches the research 

on literary tourism. Methodologically, we take advantage of a corpus method to construct an 

index of literary destination familiarity, a phenomenon that would be difficult to quantify 

using a traditional survey. As a recent study asserts, this novel method “has content validity 

and can be used as a proxy measure for previously difficult-to-research phenomena and 

questions” (Richey & Taylor, 2020: 72). We believe that with the optimization of high-

throughput digitized resources, we can utilize word-search dynamics to study sociocultural 

trends and individual practices with rich spatial and temporal scales. 

Yet choices of travel site in a country/region that is geographically and culturally distant 

from the home country involves a rational and intuitive decision-making process, which 

might vary in different contexts and at different stages of tourism development. This result, at 

least to some extent, suggests the possibility of promoting fiction-related literary tourism to 

China. As China becomes more and more globalized, there is increasing exposure of its cities 

in various provinces. If fiction can have an enduring impact on international tourism, one 
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could develop new fictional cultural products that use previously successful narratives and 

similar characters and images in order to promote China. With the help of social media 

marketing, the diffusion of such fiction-typed cultural products could spur the development 

of tourism in China. Hopefully, this study will inspire more investigation of such questions in 

the future.  
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Table 1 

 

Descriptive Statistics of Variables 

 

Variable Abbr. Description Mean S.D. 

Dependent Variable     

Inbound Tourism 𝑇𝑜𝑢𝑟_𝑁𝑡 
Number of inbound tourists (1994–

2004) 
93.000 195.305 

 𝑇𝑜𝑢𝑟_𝑅𝑡 
Annual foreign exchange revenue 

from tourism (1993–2005) 

21470.

37 
40789.40 

Explanatory Variable     

Affection-based 

Destination Familiarity 
𝐹𝐷𝐹(𝑡−1) 

Appearance in English fiction (1994–

2003) 
0.720 1.714 

Knowledge-based 

Destination Familiarity 
𝑁𝐷𝐹(𝑡−1) 

Appearance in New York Times 

(1994–2003) 
0.704 1.739 

 
𝑇𝐷𝐹(𝑡−1) 

Appearance in TIME magazine 

(1994–2003) 
2.496 9.659 

Control Variables      

Lagged Inbound Tourism 𝑇𝑜𝑢𝑟_𝑁(𝑡−1) 
One-year lag of number of inbound 

tourists (1994–2003) 
86.880 182.240 

Economic Development 𝐺𝐷𝑃𝑡−1 GDP (1994–2003)  
1489.4

49 
1253.734 

Infrastructure  𝐼𝑁𝐹𝑡−1 Road/Highway density (1994–2003) 
30.530

5 
19.809 

Human Capital 𝐻𝐶𝑡−1 
College students per capita (1994–

2003) 

501.50

87 
480.2146 

NGO Development 𝑁𝐺𝑂𝑡 
Number of NGO per capita (1994–

2004) 
1.312 0.504 

Openness 𝐹𝐷𝐼(𝑡−1) Lagged FDI (1994–2003) 69.546 111.900 

     

Note. i) For readability, FDF variables are multiplied by 100,000; NDF variables are multiplied by 

1000.  
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Table 2 

 

Dynamic Panel Regressions of Predicting the Effect of Literary Destination Familiarity on 

Inbound Tourism (1994–2004)  

 
 DGMM SGMM 

 Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 

𝑇𝑜𝑢𝑟_𝑁(𝑡−1) 0.487*** 0.530*** 0.518*** 0.457*** 0.444*** 0.642*** 

 (0.061) (0.058) (0.061) (0.067) (0.069) (0.058) 

𝐹𝐷𝐹(𝑡−1) 0.022*** 0.023*** 0.034*** 0.031*** 0.029*** 0.048*** 

 (0.004) (0.005) (0.004) (0.004) (0.004) (0.010) 

𝑁𝐷𝐹(𝑡−1) 0.001 0.001 -0.002 -0.001 -0.002 0.070*** 

 (0.009) (0.009) (0.009) (0.010) (0.009) (0.018) 

𝑇𝐷𝐹(𝑡−1) -0.003*** -0.003*** -0.003*** -0.003*** -0.003*** -0.005*** 

 (0.000) (0.000) (0.000) (0.000) (0.001) (0.001) 

𝐺𝐷𝑃(𝑡−1) 
 -0.018 0.164 0.122 0.140 0.255*** 

  (0.086) (0.148) (0.162) (0.159) (0.050) 

𝐹𝐷𝐼(𝑡−1) 
  0.043*** 0.049*** 0.054*** 0.070*** 

   (0.009) (0.010) (0.014) (0.021) 

𝐼𝑁𝐹(𝑡−1) 
   -0.232*** -0.233*** -0.205*** 

    (0.065) (0.069) (0.062) 

𝑁𝐺𝑂(𝑡−1) 
    -0.010 -0.029 

     (0.074) (0.081) 

Year Dummies Yes Yes Yes Yes Yes Yes 

Constant 1.791*** 1.766*** 0.457 1.573 1.504 -0.061 
 (0.214) (0.656) (1.114) (1.259) (1.200) (0.270) 

AR(2) p-value 0.376 0.361 0.680 0.952 0.870 0.407 

Hansen test p-value 0.213 0.265 0.238 0.398 0.428 1.000 

N 246 246 241 241 241 272 

Note: i) The number in the parentheses are adjusted robust standard errors; ii) p < .05*, p < 0.01**, p 

< 0.001*** (two-tailed tests); iii) AR(2) is the Arellano-Bond test (H0: there is no autocorrelation), 

and the Hansen test is the overidentification test (H0: there are no invalid overidentifying restrictions). 
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Table 3 

 

Dynamic Panel Regressions of Predicting the Effect of Literary Destination Familiarity on 

Foreign Exchange Earnings from Tourism (1994–2004)  

 
 DGMM SGMM 

 Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 

𝑇𝑜𝑢𝑟_𝑁(𝑡−1) 0.203*** 0.215*** 0.200*** 0.112 0.061 0.704*** 

 (0.029) (0.030) (0.055) (0.069) (0.083) (0.056) 

𝐹𝐷𝐹(𝑡−1) 0.035*** 0.033*** 0.035*** 0.038*** 0.032*** 0.065*** 

 (0.006) (0.006) (0.007) (0.006) (0.005) (0.010) 

𝑁𝐷𝐹(𝑡−1) 0.008 0.025* 0.009 -0.016 0.009 0.077** 

 (0.011) (0.015) (0.011) (0.026) (0.016) (0.037) 

𝑇𝐷𝐹(𝑡−1) -0.005*** -0.006*** -0.004*** -0.004*** -0.004*** -0.005*** 

 (0.001) (0.001) (0.001) (0.001) (0.001) (0.002) 

𝐺𝐷𝑃(𝑡−1) 
 0.069 0.129 -0.112 0.126 0.216** 

  (0.088) (0.144) (0.221) (0.192) (0.095) 

𝐹𝐷𝐼(𝑡−1) 
  0.037*** 0.054*** 0.041*** 0.017 

   (0.013) (0.015) (0.014) (0.018) 

𝐼𝑁𝐹(𝑡−1) 
   -0.424*** -0.352*** 0.062 

    (0.115) (0.101) (0.140) 

𝑁𝐺𝑂(𝑡−1) 
    -0.107 -0.203** 

     (0.073) (0.097) 

Year Dummies Yes Yes Yes Yes Yes Yes 

Constant 6.828*** 6.054*** 6.422*** 9.767*** 7.911*** 0.779* 
 (0.273) (0.661) (1.366) (2.300) (1.526) (0.418) 

AR(2) p-value 0.873 0.991 0.633 0.547 0.400 0.503 

Hansen test p-value 0.241 0.317 0.165 0.418 0.519 1.000 

N 275 275 268 268 268 299 

Note: i) The number in the parentheses are adjusted robust standard errors; ii) p < .05*, p < 0.01**, p 

< 0.001*** (two-tailed tests); iii) AR(2) is the Arellano-Bond test (H0: there is no autocorrelation), 

and the Hansen test is the overidentification test (H0: there are no invalid overidentifying restrictions). 
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Appendix 

 

Table A1 

 

Search terms for Chinese Provincial-Level Regions 

 

Chinese name Searching terms 

北京 Beijing, Peking 

天津 Tianjin, Tientsin 

河北 Hebei, Hopei 

山西 Shanxi 

  内蒙古 Inner Mongolia, Neimenggu 

辽宁 Liaoning 

吉林 Jilin, Kirin 

  黑龙江 Heilongjiang, 

上海 Shanghai 

江苏 Jiangsu, Kiangsu 

浙江 Zhejiang, Chekiang 

安徽 Anhui 

福建 Fujian, Fukien, Hokkien 

江西 Jiangxi, Kiangsi 

山东 Shandong, Shangtung 

河南 Henan, Honan 

湖北 Hubei, Hupei 

湖南 Hunan 

广东 Guangdong, Kwangtung, Canton 

广西 Guangxi, Kwangsi 

海南 Hainan 

重庆 Chongqing, Chungking 

四川 Sichuan, Szechwan 

贵州 Guizhou, Kweichow 

云南 Yunan 

西藏 Tibet, Xizang 

陕西 Shaanxi 

甘肃 Gansu, Kansu 

青海 Qinghai 

宁夏 Ningxia, Ningsia 

新疆 Xinjiang, Sinkiang 

 

 

 

 


